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Levels of Artificial Intelligence Technology Trends
for 2020

Artificial Super Intelligence \gu8

Al that exceeds human intelligence

Microsoft Investing $1B in OpenAl
Artificial General Intelligence R&D

By Doug Black

Noz - i
Artificial General Intelligence HAL 3000 e E

Al that is equal to human intelligence

Kurzweil Singularity event

July 22, 2018

Artificial general intelligence (AGI) is Al's moonshot, the next . .
giant leap for the Al field. Microsoft regards it to be feasible Turing Test Democratization AUtoqomous
enough to warrant a $1 billion investment in OpenAl, the not-for- IBM Watson, Deep Blue Thmgs
profit research organization formed in 2015 by Elon Musk and .

others. AGI would mean breaking Al from its current, narrow gartner.comemartarthGartner
confines in which Al handles specific tasks and specific
problems and moving toward “strong Al,” enabling machines
and rabots to handle multiple tasks and to integrate the learning
from multiple disciplines simultaneously, referred to as the
‘emergent property.”

D S Alexa, Siri, Cort
Artificial Narrow Intelligence ::a N Ao ,a:.a
Chatbits ’ s, erirer

. et o Gartner

Graphic concept by Steve Wheeler (2019) - adapted from various sources
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Al and Blockchain at Edge - Highlights
from the IEEE event at Bangalore

17June 2019 ® Ocomments & Guest Contributor

Posted in Arificial Intelligence, Blockchain, Edge Computing, Event  ® A A A

EU-Korean project to decentralize cloud-to-

J0ctober 25,2018 /By Julien Happich 0 Comments
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Edge, Al and I)l(;ékcllaillz software D E C E N T E R

developmentl environment with Decantialised technologhes
VMware for orchestrated Cloud-to-Edge intelligence
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Spreading Intelligence
From The Cloud To The

AR
) e N

Cloud Al \f“

6 NancEdge

Edge

Edge Al is a prerequisite for self-driving cars, industrial loT applications and even

immersive consumer experiences. istock

Blockchain, edge, Al & ML - Microsoft
goes all-out for devs

£ 03 May2019 Microsoft is launching a swath of new developer and Azure

Edge Al: The new frontier of digital
transformation
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