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— Model
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Layer
. Stem Depthwise Channelwise
Inline Image — —> X3 —
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3 nlol = 1
DY nloj= 2fQl M
Stem Block

Stem Batch

Conv { R Norm . }

e Conv [ kernel size = 3x3, stride = 2, padding = 1]

Depthwise Block

De;()::)l:‘\:\’nse { Max R 3x3 1x1 R Batch + RelU — 3x3 1x1 SE Batch s RelU — Dropout }

—> —> — —
Pooling Conv Conv Norm Conv Conv Block Norm (0.2)
e 3x3 Conv [ kernel size = 3, stride = 1, padding =1 ] e 1x1 Conv [ kernel size = 1, stride = 1, padding =0 ]
SE Block

SE Block Averz?ge —> Lmea.r —> RelU — Linear — Sigmoid
Pooling (reduction)

* Linear [ reduction =2 ] — out channel = ( channel / reduction )

Channelwise Block

Channelwise Cony —» Batch _ RelU —» Dropout
Conv Norm (0.2)

* Conv [ kernel size & stride = Input image size, padding =0 ]
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Classification Performance Table

Table . Metrics with 95% confidence interval of two NNs (W /A indicates that the corresponding method is significantly worse/better than
Module Network based on paired t-test at 5% significance level).

95% ClI
Model Metrics AUC Mean p-value
Lower Upper
AUC 0.870 0.853 0.888
Module Accuracy 0.813 0.795 0.831
Network Sensitivity 0.917 0.904 0.930
Specificity 0.565 0.525 0.605

AUC, area under the curve; Cl, confidence interval; NN, neural network. *: p-value < 0.01, **: p-value < 0.001

e TestsetO| A 2tX}o| 2= O|O|X| & AtEoH A4t
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Voting Method & H

» Hard Voting Method
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» Soft Voting Method Process

» Soft Voting Method Process
- = O|O|X|of CHsH Of| St 20| & k8| 0| = 2t & Hrt S 7o &7l 71 2&0| =2 20|&
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Vote Method Classification Performance Table

Table . Metrics with 95% confidence interval of five Images (W /A indicates that the corresponding method is significantly worse/better than hard vote method based on paired
t-test at 5% significance level).

95% ClI
Vote Method Metrics AUC Mean p-value
Lower Upper
AUC 0.870 0.853 0.888
Hard Accuracy 0.813 0.795 0.831
Sensitivity 0.917 0.904 0.930
Specificity 0.565 0.525 0.605
AUC 0.897 0.873 0.920 0.561
Soft Accuracy 0.809 0.780 0.837 0.183
Sensitivity 0.912 0.884 0.939 0.622
Specificity 0.680 0.623 0.737 0.072
AUC 0.883 0.859 0.908 0.873
Positive Accuracy 0.673 0.650 0.696 8.01e-13 **vw
Sensitivity 0.977 0.964 0.989 1.33e-05 FEA
Specificity 0.293 0.245 0.341 5.46e-18 v

AUC, area under the curve; Cl, confidence interval; NN, neural network. *: p-value < 0.01, **: p-value < 0.001
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