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» Train & Test Set
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e Train Set : 1413 (2256 %)
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» Input Image
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Inline Image — —> X3 —
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Stem Block

Stem Conv Batch ReLU
Conv Norm

e Conv [ kernel size = 3x3, stride = 2, padding = 1]

Depthwise Block

— RelU — —> — —>RelU —
Conv

Depthwise Max 3x3 Lo x| Batch 3x3 1x1 Batch Dropout
Pooling Conv Conv Norm Conv Conv Norm (0.2)

e 3x3 Conv [ kernel size = 3, stride = 1, padding =1 ] e 1x1 Conv [ kernel size = 1, stride = 1, padding =0 ]

Channelwise Block

Channelwise Cony —> Batch _ RelU —> Dropout
Conv Norm (0.2)

* Conv [ kernel size & stride = Input image size, padding =0 ]
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Top-k Voting Method

» Top-k Voting Method

1. 2E0|0|X & ol ZHO| Ch B gk A
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Top-k Voting Method Example

Top-3 WH4l) 2K 1H 0| CHSH 522 O|0|X[ 2 | F5ot= 8%
- 0~12|=E = 7K1 0.58 7= 22 09 7171 Non-neoplastic, 10 7H7H2 ™ Neoplastic
- of|O|=0j CHot Hak gt AlLt

O|0|X| 1 0f|= == :0.37 2| O| = o0f| CHot B2 4f:0.2

O|O|X| 2 0= == :0.9 2| O| = 10f| Cliot B2 4f:0.4

O|0|X|30|& =& :0.6 — 20|= 10] Cliiet G2k 4f:0.1 — fO|2 12 MH
O|O[X| 40| & =& :0.8 0| = 10f| CHot ¥ 2f: 0.3

O|O0|X[ 5 0= =& : 0.6 0| = 10f Ciot B2F 4f:0.1 '
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Neoplastic2 £ 0| =
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» Soft Voting Method

» Soft Voting Method Process
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O|0|X| 1 0&= =& .03 7
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O|0|X| 5 0| & 2= :06 _
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Vote Method Classification Performance Table

Table . Metrics with 95% confidence interval of five Images (W /A indicates that the corresponding method is significantly worse/better than Top-3 vote method based on paired
t-test at 5% significance level).

95% ClI
Vote Method Metrics AUC Mean p-value
Lower Upper
AUC 0.925 0.909 0.940
Top-3 Accuracy 0.844 0.821 0.867
Sensitivity 0.817 0.781 0.853
Specificity 0.877 0.830 0.924
AUC 0.924 0.909 0.939 0.959
Top-5 Accuracy 0.836 0.816 0.856 0.672
Sensitivity 0.797 0.755 0.839 0.565
Specificity 0.885 0.843 0.927 0.836
AUC 0.923 0.908 0.938 0.900
Top-10 Accuracy 0.833 0.812 0.854 0.573
Sensitivity 0.770 0.723 0.817 0.241
Specificity 0.913 0.876 0.950 0.356

AUC, area under the curve; Cl, confidence interval; NN, neural network. *: p-value < 0.01, **: p-value < 0.001
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Vote Method Classification Performance Table

Table . Metrics with 95% confidence interval of five Images (W /A indicates that the corresponding method is significantly worse/better than Top-3 vote method based on paired
t-test at 5% significance level).

95% CI
Vote Method Metrics AUC Mean p-value
Lower Upper
AUC 0.925 0.909 0.940
Top-3 Accuracy 0.844 0.821 0.867
Sensitivity 0.817 0.781 0.853
Specificity 0.877 0.830 0.924
AUC 0.919 0.904 0.934 0.672
Soft Accuracy 0.825 0.802 0.848 0.368
Sensitivity 0.733 0.683 0.783 0.077
Specificity 0.940 0.912 0.968 0.116

AUC, area under the curve; Cl, confidence interval; NN, neural network. *: p-value < 0.01, **: p-value < 0.001
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Worst Predict Case Analysis
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Worst Predict Case Analysis
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Worst Predict Case Analysis

2. PolypO] 0i2{ 701 AL 3. Inline0| 042 72l F %
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Worst Predict Case Analysis

4. Inline0| polypO| EXol= B %
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