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To DO List

> Last Week

= Study Related Works

o 2P A H: Activity 20| E0OHL O] 2 2 X| 22l

> This Week

= Related Works Study and Implementation
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L2X vs INVASE vs Real-X, SCM, CXPlain
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To-do

Model Dataset Modality
L2X Synthetic, Text, Image (MNIST)
INVASE | Synthetic, Tabular, CIFAR-10(In my study)
Real-X | Synthetic, Image (MNIST, Chest X-Rays)
SCM | Image (MNIST, FMNIST, CIFAR-10)
Cxplain | Image (MNIST, ImageNet)

¥

MNIST, CIFAR-10, ImageNet Experiments
(To- do)
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75 Benchmark Image Datasets

To Find Complex Image Datasets, Ascending Datasets by Top SOTA model Accuracy

PORE::fr Dataset Accuracy Pzg::(ar Dataset Accuracy Pc;{r:r"lzr Dataset Accuracy
69 Red MinilmageNet 80% label noise [ 35.50 24 iNaturalist 83.40 26 EMNIST-Letters 95.88
72 ImageNet-Sketch 39.10 74 Chaoyang 83.40 3 Cifar-100 96.08
68 Red MinilmageNet 60% label noise [ 45.10 17 ImageNet V2 84.00 14 Stanford Cars 96.32
67 Red MinilmageNet 40% label noise | 48.06 30 Tiny ImageNet Classification 84.65 73 CIFAR-10 (with noisy labels) 96.70
66 Red MinilmageNet 20% label noise | 51.42 45 X-ray Images on MURA 84.72 20 Fashion-MNIST 96.91
75 Places365-Standard 60.30 31 ObjectNet (Bounding Box) 85.10 43 Noisy MNIST (Contrast) 97.25
34 JFT-300M 60.62 12 iNaturalist 2018 86.80 48 SIPaKMeD 97.87
65 CIFAR-100, 60% Symmetric Noise 64.60 57 LabelMe 87.12 61 MNIST-rot-12 98.13
22 Places205 66.80 18 iNaturalist 2019 88.30 63 Herlev 98.32
44 Tiny-ImageNet 67.67 33 MAMe 88.95 41 Noisy MNIST (AWGN) 98.43
59 ArtDL 70.25 38 Food-101 89.30 46 EuroSAT 98.65
56 ImageNet-10 72.90 40 Food-101N 90.39 4 STL-10 98.66
9 Clothing1M 75.19 1 ImageNet 90.88 28 smalINORB 98.77
15 DF20 - Mini 75.85 29 EMNIST-Balanced 91.05 70 SARS-COV-2 98.93
51 CIFAR-100, 40% Symmetric Noise 75.91 7 ImageNet Real 91.12 5 SVHN 99.10
47 DTD 76.60 50 CIFAR-10, 60% Symmetric Noise| 91.30 13 Kuzushiji-MNIST 99.15
19 WebVision-1000 79.30 36 CUB 92.95 42 Noisy MNIST (Motion) 99.20
10 VTAB-1k 79.99 64 Sports10 93.42 62 MNIST-rot-12k (DA) 99.29
23 ObjectNet 80.00 54 iCassava'19 93.68 32 EMNIST-Digits 99.43
27 Tiered ImageNet 5-way (5-shot) 80.15 25 CINIC-10 94.30 71 PlantVillage 99.48
16 DF20 80.45 52 MultiMNIST 94.80 2 Cifar-10 99.50
11 mini WebVision 1.0 81.47 21 Oxford-IlIT Pets 94.90 39 Imbalanced CUB-200-2011 99.60
35 Clothing1M (using clean data) 81.50 58 Surrey ASL 94.90 53 QMNIST 99.67
37 CelebA 64x64 82.00 49 CIFAR-10, 40% Symmetric Noise| 95.37 8 Flowers-102 99.76
60 PASCAL VOC 2007 83.00 55 cifar-10,4000 95.80 6 MNIST 99.91
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Next Step

« 5 methods implementation (L2X, INVASE, Real-X, SCM, CXPlain)

3 dataset SOTA algorithm implementation (MNIST, CIFAR-10, ImageNet)
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Hd 1)
« O|O|E{Al: Active / Inactive / Normal = 144 / 924 / 121
« 3 classes problem => (Active vs Rest) or (Active vs Inactive)

144 vs 1,045 144 vs 924

0.12 vs 0.88 0.13 vs 0.87
« INVASE Experiments: VGGNet19 X (Baseline AUC 50~60%)

=> Optimizer, Learning Rate, Augmentation & Under-sampling vs Focal loss& tZ35}H
Xl

Al
= 3
oy & Z= o
LSRR 2 A Ea EX| ES.
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A A . Al 2

4l 2) Active vs Inactive B2 EFM (focal loss)

- o 5 2H : AlexNet, DenseNet169, DenseNet264, EfficientNetB0, GooglLeNet, InceptionV2,
MobileNetV3, ResNet50, ResNet101, ShuffleNet_v2 x1 0, ShuffleNet v2 x2 0, VGGNet16,

VGGNet19 , _

Model Name AUC Accuracy Macro F1 Traln:rF;:'Te‘:ctlon AUC(2nd exp)

InceptionV2 85.32 86.92 69.35 0:12:51 62.34

ResNet101 83.33 85.98 52.08 0:12:43 57.82

DenseNet264 81.53 89.72 60.57 0:23:15 72.68

ResNet50 80.49 86.92 57.54 0:07:58 64.34

DenseNet169 78.88 21.50 21.49 0:17:20 66.55

EfficientNetBO 74.05 87.85 534 0:13:39 62.93

ShuffleNet_v2 x1 0 71.50 88.79 54.14 0:10:26 69.27

ShuffleNet_v2_x2 0 67.61 48.60 43.55 0:10:48 62.7

VGGNet19 67.23 89.72 47.29 0:08:43 48.3

VGGNet16 60.98 89.72 47.29 0:07:59 72.22

AlexNet 57.86 89.72 47.29 0:03:41 59.98

MobileNetV3 49.81 59.81 43.09 0:12:20 63.34

GooglLeNet 39.80 89.72 47.29 0:07:32 61.34

~Hte A 7t 45 HE0| 2 A2z HY. => ¥ O|F
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