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Knockoffs Pruning for Segmentation Model

In Supplementary Material of SCOP
- Train GAN to construct knockoff data.

- The knockoff data are generated by the generator and then sent to the discriminator to verify
whether the knockoff condition holds.

- The generator and discriminator are optimized alternately and the loss function provided by
[1] is adopted.

- Considering that images are high dimension data, we take multiple pixels as a whole when
exchanging elements between real data and knockoff data.

- To reduce the training cost on ImageNet, knockoff data with size 64x64 are generated first
and then upsampled to 224 x 224.

- For the network architectures, multiple convolutional (deconvolutional) layers are stacked
to construct the generator and discriminator on CIFAR-10, and ResNet-like architectures are
adopted on ImageNet. All the models are optimized with Adam [5] optimizer.

- On CIFAR-10, the learning rate, batchsize and number of iterations are set to 0.001,128 and
20K, which are set to 0.001, 512 and 30K on ImageNet.
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